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Abstract 
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Ensuring Enterprise Adoption of AI/ML Investments 

The Importance of Collaborative Discovery and Requirements Planning  

 

1.0 Discovery & Requirements Process: The Bedrock of User Adoption 

Many enterprise AI projects fail to deliver tangible value propositions, leading to low adoption 

and stalled transitions. The root cause often lies in insufficient discovery and misaligned 

requirements. 

Businesses don't spend enough time figuring out exactly what problem they are trying to solve 

with AI. This can lead to situations where they build an AI model that "works" but doesn't 

address a real need. 

Even if a business identifies an excellent problem to solve with AI, it may not clearly 

communicate its needs to those building the AI model. This can lead to a model that doesn't meet 

a pertinent need and thus doesn't deliver business value. 

In other words, companies often rush into building AI models without ensuring that the models 

are well-designed and solve the correct problems. This can lead to a lot of wasted time and 

money. 

 

2.0  The Importance of a High-Level Plan 

From our experience, preventing enterprise AI project failures starts with a robust discovery 

phase, rigorously defining the specific pain points the AI system targets and establishing 

measurable KPIs for success. Often, the project doesn't include a critical evaluation of existing 

data – its quality, structure, and suitability for model training are crucial for achieving desired 

outcomes. 

Technical success relies on fostering a collaborative environment between business stakeholders 

and development teams, prioritizing clear communication channels to express requirements and 

constraints, and facilitating iterative refinements while breaking the project into smaller phases 

with regular check-ins to course correct as needed. 

Businesses should be mindful of AI's transformative nature and its workflow impact. Proactive 

change management is critical. A plan to invest in comprehensive user training and transparent 

explainability (especially for high-stakes decision-making) and establish continuous feedback 

loops from users to engage the stakeholders in further optimizing the system is also essential. 

We've found 'proof of concept' (POC) phases invaluable for complex initiatives. POCs allow for 

validating the AI solution's potential within a focused scope, mitigating risk before full-scale 

deployment. It's also crucial to calibrate expectations – AI is a powerful tool for the proper use 

cases but not a cure-all. 
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We've successfully utilized discovery methodology to create a collaborative requirements 

planning process across business and technology constituents in large enterprises. The discovery 

phase focused on in-depth stakeholder engagement, ensuring their needs and perspectives were 

thoroughly understood. This fostered a sense of ownership and investment among the 

stakeholders. By actively involving stakeholders in defining the requirements, we empowered 

them and ensured that the final requirements plan fully aligned with the needs of the enterprise. 

This collaborative approach made stakeholders feel heard, increasing their buy-in and 

commitment to the project's success. 

 

Figure 1. Strategic Discovery and Roadmap Methodology 

 

3.0  From Skeptics to Champions: Winning User Engagement  

Here are strategies we've found to win over the organization and get them excited about 

participating in a discovery and requirements planning process for an AI/ML project: 

 

Emphasize the "What's in It for Me" (WIIFM): 

• Highlight Pain Point Resolution: Focus on their frustrations with the existing system. 

• Show them you understand the daily issues AI/ML could potentially fix. 

• Productivity Gains: Explain how the solution might save them time, reduce tedious tasks, 

and streamline workflows. 
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• Personal Growth: Frame participation as an opportunity to learn about new technologies 

and positively impact their work. 

Demonstrate Empathy and Partnership 

• Avoid "Tech Savior" Mentality: Don't come across as dictating a solution; frame it as 

collaboration to solve a shared problem. 

• Actively Listen: Give them space to vent about current processes. Their frustrations are 

valuable insights. 

• Involve Them Early: Make them stakeholders from the beginning. People support what 

they help create. 

Manage Expectations, Be Transparent: 

• Realistic Timeline: Avoid over-promising. Be honest about the project's scope and 

anticipated duration. 

• Acknowledge Potential Disruption: Change is difficult. Don't minimize the transition 

period; explain how you'll support them. 

• The Power of "No": Clearly define what the project is not attempting to achieve to avoid 

scope creep and disappointment. 

Make Participation Easy and Engaging: 

• Convenience Matters: Schedule sessions around their availability; offer options for short 

feedback bursts or deep dives. 

• Use Visuals: Diagrams, mockups, and even storyboards about how the AI/ML might 

work in practice make it more tangible than abstract explanations. 

• Gamification (Where Appropriate): Small rewards or 'badges' for participation can be 

surprisingly effective motivators. 

Show Progress, Celebrate Wins: 

• Quick Prototypes: Build excitement with early, imperfect prototypes. Even rough demos 

show you're taking their input seriously. 

• Share Success Stories: Highlight similar AI/ML implementations in their industry or 

related departments to reinforce the potential benefits. 

• Recognize Their Contributions: Acknowledge the end-users as critical contributors to the 

project's success. 

Additional Tips: 

• Find the Champions: Identify the early enthusiasts within the user group who can be 

positive influencers. 

• Get Executive Buy-In: Leadership support clarifies that participation is valued and 

expected. 

• Training is Essential: Don't underestimate the impact of well-designed training on 

adoption post-rollout. 

http://www.ctidata.com


 

 

www.ctidata.com 6 Rev. 21-Jun-24 

 

End-user participation is about better solutions and building trust. When people feel invested in 

the process, they're far more likely to become champions of the final AI/ML product. 

 

4.0  Framework for Collaborative Discovery Processes 

In the rapidly evolving world of AI/ML, a carefully planned discovery process is crucial for 

ensuring successful project outcomes. This 8-step guide provides a structured framework for 

gathering comprehensive requirements for your organization's needs. You'll set the stage for an 

AI/ML solution delivering actual business value by fostering stakeholder collaboration, assessing 

technical feasibility, and clearly defining success metrics. 

Table 1. An 8-Step Guide to a Collaborative Discovery Process 

Step Who Why Benefit 

 

1. Project 

Kick-Off 

Project sponsor, 

AI/ML team lead, 

key business 

stakeholders, data 

science lead. 

Ensures everyone 

understands the 

project's overarching 

motivations and 

desired outcomes. 

Creates a unified vision, 

ensuring the AI/ML solution 

addresses impactful problem 

areas and aligns with 

business priorities. 

   

2. End-User 

Immersion 

AI/ML team 

members, 

representative end-

users (ideally a mix 

of experienced 

workers and those 

familiar with pain 

points). 

Deeply understand the 

workflow, frustrations, 

manual tasks, desired 

improvements, and 

where AI/ML could 

offer the most value. 

Builds empathy with the end-

users challenges, prevents 

designing a solution in a 

vacuum, and uncovers 

potential use cases the AI/ML 

team might not have 

considered. 

3. Technical 

Feasibility 

Check 

AI/ML team, data 

scientists, data 

engineers, 

IT/infrastructure 

representative. 

Evaluate if existing 

data, quality, labeling, 

volume, and 

infrastructure are 

sufficient to support 

the proposed solution. 

Catches potential roadblocks 

early. It prevents building a 

model that can't be deployed 

or depends on unrealistic data 

transformations. 

4. Success 

Metrics 

AI/ML team, 

business 

stakeholders, 

domain experts (if 

applicable). 

AI/ML team, business 

stakeholders, domain 

experts (if applicable). 

It keeps the project "goal-

oriented" and allows for 

objective evaluation post-

implementation to prove the 

solution's value. 
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5. Deep Dive 

Data 

Analysis 

Data scientists, data 

engineers. It may 

involve domain 

experts who 

interpret complex 

data. 

Assess data 

completeness, bias, 

noise, and potential 

challenges for model 

training.  

Reveals hidden data 

requirements and pre-

processing needs that can 

make or break a model's real-

world performance. 

6. User 

Interface 

Feedback 

AI/ML team 

(UI/UX focus if 

available), end-user 

representatives. 

Get early feedback on 

how users expect to 

interact with the AI 

solution. Use 

whiteboarding and 

low-fidelity mockups. 

It prioritizes usability and 

integration into the existing 

workflow, avoiding building 

a technically impressive 

model that is cumbersome to 

utilize. 

7. Risk 

Assessment 

Workshop 

AI/ML team, 

compliance/legal 

representative, IT 

security, business 

stakeholders. 

Proactively identify 

potential risks 

handling, privacy, data 

security, algorithmic 

bias, and regulatory 

implications. 

It mitigates risks that could 

later derail the project, builds 

trust in the solution, avoids 

costly retrofitting, & upholds 

ethical standards. 

8. Ongoing 

Throughout 

Discovery 

Quick and rough prototypes help make requirements tangible and give users 

something to react to. Meticulous notes on decisions, assumptions, and open 

questions keep the process transparent and accountable. 

 

This comprehensive discovery process demonstrates a genuine commitment to building a 

solution tailored to their needs and fostering collaboration, not a technology mandate. They have 

a voice throughout the process, increasing the likelihood that the final AI/ML solution will be 

embraced as a factual enhancement of their work rather than a disruptive imposition. 

 

5.0  Understanding Best Practices and Technical Ramifications 

The promise of transformative results lures organizations towards Artificial Intelligence (AI) and 

Machine Learning (ML), but successful implementation extends far beyond technical prowess. 

Too often, technically brilliant models fail to gain traction due to a lack of user focus and poor 

integration into existing workflows. This whitepaper delves into the critical importance of a 

meticulous discovery process and requirements definition, forming the bedrock of successful, 

user-centric AI/ML solutions that deliver lasting organizational value. 
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Table 2. Aligning Best Technical Practices & Business Requirements 

Best Practice Description 

Data-Driven Problem 

Definition 

In-depth discovery incorporates data audits, metrics aligned with 

business objectives, and baseline quantification for value 

demonstration. 

System Integration, Not Just 

Modeling 

Consider API design, infrastructure demands, and how the model 

interacts with existing systems. 

The Usability Trap of the 

'Technical User' 

Address workflow changes and decision explainability and create 

a polished user interface to foster adoption. 

Security and Privacy as Table 

Stakes 

Plan for differential privacy, federated learning if needed, plus 

encryption and access controls that adhere to policies. 

 

6.0  Summary 

User adoption hinges on demonstrating value that outweighs the pain of change. Technically 

sound but poorly focused AI/ML projects rarely achieve this. Meticulous discovery and 

definition of requirements are the foundation for successful enterprise solutions. 

This whitepaper explores the critical role of user-centricity in driving successful AI/ML 

implementations. While technical expertise is essential, a purely technical approach often 

overlooks the users' needs, leading to low adoption and project failure. 

The paper highlights the following key best practices: 

Successful AI/ML projects require collaboration between technical teams and stakeholders who 

understand user workflows and pain points. This ensures the solution aligns with actual needs 

and fosters user buy-in. 

In-depth discovery through user interviews, workflow analysis, and data exploration is crucial. It 

lays the foundation for clearly defined requirements that guide the development of a user-centric 

AI/ML tool. 

The paper emphasizes the importance of demonstrably valuable solutions. AI/ML tools should 

streamline processes, anticipate user needs, and deliver tangible benefits that justify the change 

from existing methods. 

The whitepaper stresses the importance of user experience (UX) design in AI/ML projects. A 

well-designed interface that integrates seamlessly into existing workflows fosters user adoption 

and maximizes the solution's value. 
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By following these best practices, organizations can unlock the true potential of AI/ML and 

create impactful solutions that drive user adoption, deliver lasting value, and achieve exceptional 

outcomes. 

 

About CTI Data 

Our data and analytics experts specialize in Digital Transformation, Advanced Analytics, AI/ML 

and Data Marketplaces. This experience provides valuable insights and expertise. We are adept at 

understanding best practices, identifying potential pitfalls, and customizing solutions to meet 

your unique needs.  

By partnering with us, you can drive value from digital transformation efforts as we examine 

your business strategy, analyze your current state, pinpoint opportunities, and develop a strategic 

roadmap that aligns technology investments with strategic goals. We commit to collaborating 

closely with you and sharing accountability for achieving mutual goals.  

Contact us to explore our real-world case studies and learn more about how we have helped our 

clients grow and create business value.  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Disclaimer: This whitepaper is for informational purposes only and does not constitute professional advice. While 

we have endeavored to ensure the accuracy and completeness of the information contained herein, CTI Data makes 

no representations or warranties regarding its accuracy or completeness. The information presented is based on 

current knowledge and understanding and may be subject to change. References to third-party data or findings are 

for informational purposes only, and CTI Data assumes no responsibility for the accuracy of such third-party 

information. The limitations of the technologies or methodologies discussed in this whitepaper should be carefully 

considered before applying them in any specific context.  
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